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Abstract

Financial markets are becoming more complicated, rendering old forecasting
techniques inadequate for making authentic decisions due to globalization,
technological development, and massive data expansion. Artificial intelligence (Al) is
revolutionizing the financial decision process with unparalleled accuracy, efficiency
and predictive capabilities. Despite the advantages of including Al in financial
decision-making, it draws important issues such as data security,algorithmic biases,
ethical issues, transparency hurdles, and regulatory problems. Gaining user trust and
adhering to new international rules require Al-driven financial systems to be fair and
explainable. The paper examines the optimization of investment decision making
through augmented financial analysis. The independent variables used in the paper were
augmented analytic and fintech integration. The paper employed a purposive sampling
technique. The findings showed that rules, the quality of the data and how willing
businesses are to use Al all affect how accurate Al augmentation is. It also showed that
fintech analysts showed more confidence and concern towards the adoption of Al
augmentation for the investment decision making process.

Keywords: Artificial intelligence (Al), fintech, Al augmentation, Investment Decision
making process

1. INTRODUCTION

Al in finance refers to the application of Al techniques in financial businesses. With
the proliferation of Al-based tools and algorithms in financial decision-making, it is
increasingly necessary to assess the impact of these technologies on the investment
strategies and results of individual investors (Bhat, 2024). The financial markets have
long been described as highly dynamic and inherently complex systems, influenced by
a confluence of factors that span macroeconomic policies, geopolitical uncertainties,
technological advancements, and environmental challenges (Drobot & Kozachenko,
2024). In terms of financial decision-making, the role played by Acrtificial Intelligence
(Al) cannot be overemphasized because it offers unparalleled levels of accuracy,
efficiency, and prediction skills (Kavitha et al., 2025). It is notable that both financial
organizations and economic governance systems have embraced the use of artificial
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intelligence (Al), taking advantage of their impressive performance and at the same
time exposed to numerous risks (Savchenko, 2024). Traditionally, the making of
financial decisions was based on human judgment, human intuition, and conventional
statistics, which were restricted by human limitations and the human capability of
processing information (Theodorakopoulos et al., 2025). It is true that the development
of artificial intelligence (Al) has helped in solving some problems associated with
financial market volatility and complexity (Nafiu et al., 2025). Currently, financial
organizations are using Al tools to analyze big amounts of data within a very short time
to come up with useful predictions for making better financial decisions (Faisal et al.,
2025). The increasing complexity of financial markets which is a result of globalization,
technological progress and vast data expansion has seen out date forecasting models
become a thing of the past for good effective decision making (Kumar et al., 2024).
Artificial intelligence (Al) has completely changed how businesses make financial
decisions. However, we still don't fully understand how adopting Al specifically affects
how financial assets are allocated (Li et al., 2024) (Ma et al., 2025). With Al, we can
now use more advanced methods for forecasting financial markets, optimizing
portfolios, and automating trading (Rane et al., 2023). Artificial intelligence (Al) is
increasingly transforming financial engineering by enabling more sophisticated risk
assessment, predictive analytics and data-driven capital allocation strategies.
Traditional financial engineering models rely heavily on statistical techniques and
historical data to evaluate risk and optimize investment decisions. While these models
have provided valuable insights for financial institutions and corporate finance
departments, they often struggle to process the vast volumes of complex and real-time
financial data generated in modern financial systems (James, 2025).

1.1 Ai And Augmented Analytics

Augmented Analytics (AA) has increasingly been introduced as a tool for transforming
data into valuable insights for decision-making, and it has gained attention as one of
the most advanced methods to facilitate modern analytics for different types of users.
AA can be defined as a combination of Business Intelligence (BI) and the advanced
features of Artificial Intelligence (Al-Momani et al., 2025). With the massive growth
in data diversity, the traditional approach to Bl has become less useful and requires
additional work to obtain timely results. However, B1 platforms use machine language
(ML) and natural language understanding to automate business analytics processes.
Despite the various benefits for businesses and end users in converting from Bl to AA,
research on this trend has been limited (Alghamdi & Al-Baity, 2022). Al and data
science can help you become more resilient, predict demand, set inventory policies,
manage your supplier and customer ecosystems, predict events, and evaluate your asset
and risk intelligence (Rane et al., 2024). Partners in providing the next generation of
ground-breaking intelligent systems, traditional Al methods can’t learn anything
without data. Supply chains can be considered Big Data Ecosystems, as vast quantities
of internal and external data are sourced from multiple systems and tiers, and flow in
all directions (Sathiri, 2023). By extending big data concepts with empirical research,
evidence is provided to support the development of modern architecture and testable
theoretical framework for Al-augmented data analytics (Maddipatla, 2026).
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1.2 Ai And Fintech Integration

The Banking and FinTech industry is witnessing great adoption of Artificial
Intelligence (Al) making financial services seamless as well as more efficient (Adegbite,
2025). Atrtificial intelligence is really changing things, like how we use machines to
learn and understand what people are saying. This is also helping us figure out what
might happen in the future. Artificial intelligence is making a difference in how banks
talk to their customers how they decide if someone is a good risk how they catch people
who are trying to fraud and how they follow the rules (Ahmed et al., 2025). By using
intelligence, banks and FinTech companies can give people financial solutions that are
just right for them make it easier to decide who gets a loan and make sure everything is
safe and secure, from hackers. The integration of Al with blockchain and cloud
computing further strengthens transaction security and transparency, enabling real-time
payment processing and fraud mitigation (Ifedayo et al., 2025). Al-based predictive
analytics enable financial institutions to predict market trends, optimize investment
strategies to increase returns and broaden the access to credit for the under-banked
population (Kate, 2025).

1.3 Ai Financial Analysis For Investment Decision Making

The rapid proliferation of written to smart robotics has imposed/changed function in all
its forms such as in manufacturing, healthcare, logistics, agriculture and autonomous
mobility. Robotic systems today are becoming increasingly adaptive to dynamic
environments as they are being equipped with perception, control and learning
functionalities. Although such capabilities are likely to achieve productivity,
operational efficiency, and long-term cost savings, they also provide a lot of financial
uncertainty (Eziokwu et al., 2024) because of the high capital expenditure, faster
technological obsolescence, and performance that cannot be predicted. Al-augmented
financial engineering introduces machine learning algorithms, advanced predictive
models, and automated decision-support systems that enhance the accuracy and
efficiency of financial risk management and capital allocation (Omar et al., 2025).

2. RESEARCH GAP

Whereas existing studies focus widely on the use of Al tools to create precise
predictions about short-term price movements and automation of trading signals
through quantitative approaches, there appears to be a lack of sufficient knowledge
surrounding the interpretation of insights by human analysts and the actions that follow
after identifying discrepancies between Al-predicted events and intrinsic valuations of
equities. Contemporary financial Al models can provide a highly accurate analysis, but
they lack the ability to explain the cause-and-effect relationship between geopolitical
events, disruptions in the supply chains, or changes in corporate attitude and their
implications for the intrinsic value of stock.
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CONCEPTUAL FRAMEWORK

H1

Augmented Analytics

H2

Investment Decision
Making

Fintech Integration

2.1 HYPOTHESIS DEVELOPMENT

H1: There is a significant relationship between augmented analytics and investment
decision making.

H2: There is a significant relationship between fintech integration and investment
decision making.

3. METHODOLOGY

The research paper implements qualitative research design. Twenty investment
professionals conducted semi structured interviews to gather data. The sample
respondents included managers, financial analysts and fintech consultants. Purposive
sampling technique was used to select the sample respondents.

3.1 Research Equation

IDQ = By + B1(ATA) + €

Symbol Meaning

IDQ Investment Decision Quality (measured by Sharpe ratio, hit rate, or similar
metric)

Bo Baseline investment decision quality without Al augmentation

B1 Coefficient representing the effect of Al-augmented financial analysis

ATA Al-Augmented Financial Analysis (level of Al integration, 0 to 100)

€ Error term

Journal of Managemen se:


https://jmsrr.com/index.php/Journal/about

Journal of Management Scien
https://jmsrr.com/index.p

Online ISSN: 3006-2047
Print ISSN: 3006-2039

Volume 5 Issue N

E—

4. RESULTS AND DISCUSSION

Managers Financial Analysts Fintech Consultants

W Augmented Analytics  BFintech Integration B Investment Decision making

The abovementioned chart compares 3 professional groups among the three dimensions
of augmented analytics, fintech integration and dependent variables of investment
decision making. The score ranges from 0 to 12. The results indicated that managers
received the lowest scores in augmented analytics, fintech integration and investment
decision-making. Financial analysts showed high performance among three dimensions.
However, Fintech consultants illustrated the highest scores across all dimensions.

Example Data Pattern (Estimated from common trends)

Professional Group Augmented Analytics Fintech Integration Investment Decision Making
Managers 5-6 4-5 6-7
Financial Analysts 8-9 6-7 8-9
Fintech Consultants 9-10 10-1 8-9

5. SUMMARY AND CONCLUSION

The research demonstrated that Al Augmented financial analysis had significant and
positive impact on investment decision making. This is achieved by reduction in
behavioral biases, improvement in prediction accuracy and processing of complex data.
The accuracy of Al augmentation is dependent on quality of data, regulation constraints
and adoption of Al integration by business firms. Based on our results, we accept our
H1 and Haz. In comparison it is revealed that fintech consultants showed highest adoption
towards Al tools for investment decision making purposes with respect to managers
and financial analysts.

6. FUTURE DIRECTIONS
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The findings of this study identify three broad potential directions for future research
to overcome limitations of the existing and advance augmented analytics systems. The
integration of augmented analytics with contemporary technologies such as blockchain
and the Internet of Things (loT) is another noteworthy direction (Bhuyan & Singh,
2022). An 10T device in a banking system, for example, could provide instant data
streams to support enhanced analytics and review transaction patterns, identify
potential fraud or track other financial markets. Studies should really look into how
augmented analytics systems can get better over time by learning and adapting. Now a
lot of systems use models that do not change and these models were made using old
data. The thing is, user needs and market conditions are always changing so these
models can become outdated. If we use models that can change and adapt to information,
user feedback and what is happening in the world then these tools can be useful for a
longer time. Augmented analytics systems can be really useful if they can adjust to data
and user interaction. However we have to be careful because using models that can
change like this can also cause problems, such, as the system becoming too good at
handling one situation but not others or doing things we do not expect. So to make sure
augmented analytics systems are accurate and fair we need to have safeguards and ways
to check that they are working correctly and that these systems are really augmented
analytics systems that can learn and adapt over time.
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